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 To obtain realistic scenarios In clinical trial simulation, Internal evaluation Figure 2. Visual OD-CART CD-PMIM  CD-CART has improved operating characteristics compared

simulated subjects must be representative of the target . CD-CART had generally a lower absolute bias and RMSE for the oredictive check of the - to CD-PMM in the internal evaluation.
population. mean, median, SD and range of continuous covariates (Figure relationship between * In the extrapolation setting, CD-PMM outperformed CD-
« Common ways of generating virtual subjects are based upon 1A) and the proportion of categorical covariates (Figure 1B). pairs of continuous - CART in terms of summary statistics of continuous

covariates: the black 701
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bootstrap procedures or multivariate normal distributions
(MVND) [1]. We recently investigated an alternative method
based on conditional distributions (CD), which used

covariates, while categorical covariates were better predicted
by CD-CART.

« Absolute bias in the variance-covariance matrix was comparable

between the two methods (Figure 1C). regressor through the — *-
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redictive mean matching (PMM) as underlying prediction - CD-CART allowed to considerably increase the precision of the original data set, while * CD-CART appears to be a promising alternative to CD-PMM
P ol T 9 ying p correlation structure (Figure 1C, RMSE gains up to 11%), the shaded area when dealing with covariate distributions characterized by
model [2]. oarticularly in case of highly non-linearly related covariates depicts the 80% : : strong non-linearities and/or interactions effects across
* Previous studies have shown that, in the context of missing (Figure 2) confidence interval of - / covariates.
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