A flexible and transparent MATLAB framework
for empirical and mechanistic pharmacometric modelling

Niklas Hartung! = Charlotte Kloft*> = Wilhelm Huisinga!

(1) Institute of Mathematics, University of Potsdam, Germany (2) Institute of Pharmacy, Freie Universitit Berlin, Germany
4 )
% < . O
Background o 22 B L o
E g8 B8 > 3
: . oy ~ = QL B =0
For many research questions, model complexity Building on a MATLAB toolbox developed over 2 = ED g g ) = g 2
needs to be adapted during the modelling process, the years in research and teaching as part of the Scope of toolboxes o S 8 2 .5 SEROIRZ S5 ~ .2
e.g. by refining empirical models or coarsening PharMetrX PhD program [1-5], we developed a <z 3 S 39 > E = < 2 g
mechanistic models. new MATLAB-based pharmacometric model- g = 2 52 =z é & j% Z
ling framework specifically designed to = = > s = O Y@<
Established software tools mostly support either .
an empirical PK/PD approach (e.e. NONMEM, . adapt.model cor.llpleX}ty t.o the research I;)]f{PSK tog).lngesG - Y Y
Monolix) or a mechanistic PBPK / Systems question under investigation (FK-Sim, SimCyp, GastroFlus)
Pharmacology approach (e.g., GastroPlus, PK- * support integration of databases Plain Matlab / R v
Sim, SImCYP) and lack the flexibility to switch * promote modelling transparency
between these two paradigms. This toolbox 4 v v 4
\ A
4 ) / \
Computation with units  Example: units | Examples shown in live demo
How many drug molecules per E. coli cell?
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