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What	
  is	
  a	
  Pla*orm	
  Trial?	
  

•  Tradi1onal	
  Trial:	
  

•  Single	
  treatment,	
  homogenous	
  pa1ents:	
  One	
  
ques1on	
  

Pa1ent	
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What	
  is	
  a	
  Pla*orm	
  Trial?	
  

•  Basket	
  Trial:	
  

•  Single	
  treatment,	
  heterogeneous	
  pa1ents:	
  K	
  
correlated	
  ques1ons	
  

Pa1ent	
  A	
  
Control	
  

Experimental	
  
Pa1ent	
  K	
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What	
  is	
  a	
  Pla*orm	
  Trial?	
  

•  Pla*orm	
  Trial:	
  

•  J	
  treatments,	
  Homogeneous	
  pa1ents,	
  J	
  
ques1ons	
  

Control	
  

Experimental	
  J	
  

Pa1ent	
  
Experimental	
  1	
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What	
  is	
  a	
  Pla*orm	
  Trial?	
  
•  Basket/Pla*orm	
  Trial:	
  

•  J	
  treatments,	
  heterogeneous	
  pa1ents,	
  JxK	
  
ques1ons	
  

Control	
  

Experimental	
  J	
  

Experimental	
  1	
  

Pa1ent	
  A	
  

Pa1ent	
  K	
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Co-­‐Opera1ve	
  Group	
  

Pa1ents	
  

Protocol	
  
1	
  

Protocol	
  
2	
  

Protocol	
  
3	
  

C1	
   E1	
   C2	
   E2	
   C3	
   E3	
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Pla*orm	
  Trial/Master	
  Protocol	
  
Pa1ents	
  

Master	
  Protocol	
  

C	
   E1	
   E2	
   E3	
  

PAGE 2015 7 



Pla*orm	
  Trial/Master	
  Protocol	
  
Pa1ents	
  

Master	
  Protocol	
  

C	
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   E4	
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Pla*orm	
  Trial/Master	
  Protocol	
  
Pa1ents	
  

Master	
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Pla*orm	
  Trial/Master	
  Protocol	
  
•  Perpetual	
  Trial/Process	
  
•  Evolving	
  Treatments,	
  Pa1ents	
  
•  Adap1ve	
  alloca1on	
  

– Response	
  adap1ve	
  randomiza1on	
  
– Removing	
  Arms/Gradua1ng	
  Arms	
  
– Combining	
  Arms	
  

•  Strong	
  central	
  model	
  (run	
  by	
  algorithm,	
  not	
  
commiTees)	
  

•  Protocol	
  has	
  no	
  treatment	
  names!	
  
– Arm	
  appendices	
   PAGE 2015 10 



Combina1on	
  Adap1ve	
  Pla*orm	
  

•  Gates Foundation Funded 
•  Built flexibly for k agents, provide 

example for 4 active agents: 
– 1; 2; 3; 4 

•  Treatment regimens: 
– Single-agents and all two-way 

combinations 
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Regimens	
  

Regimens	
  
Agents	
  

1	
   2	
   3	
   4	
  

Agents	
  

1	
  

2	
  

3	
  

4	
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Design	
  Details	
  
•  Endpoint: Mortality  
•  Start with a burn-in period to all 10 regimens 

– Equal randomization to 10 arms 
– For 30 subjects (an example period of time) 
– This is flexible! 

•  After Burn-In 
– Response adaptive randomization (RAR) 
– Proportional to probability regimen is optimal 

• Adjusted for information 
– Continue perpetually 
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Trial	
  Perpetual	
  Design	
  

Analyze	
  
Available	
  Data	
  

Accrue 
More 

Burn-In 
Enrollment 

Remove	
  Agent?	
  

Revise Allocation 
Rules 

No 

14 PAGE 2015 

Analyze	
  
(report)	
  
Results	
  

Yes 



Sta>s>cal	
  Model	
  

•  Factor for each active agent (4) 
•  An interaction between each agent (6) 
•  Priors: 

log p
1− p
"

#
$

%

&
'=α + X[ ]

X=1

4

∑ + X,Y[ ]
Y=X+1

D

∑
X=1

4

∑

X[ ] ~ N 0,22( ) X,Y[ ] ~ N 0,12( )
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Analyze	
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Scenario 3 

Design	
   Mean	
  
Fails	
  

Adapt	
   49.4	
  
Fixed	
   69.9	
  

A 

B 

C 

D 
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1 

2 
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Mean N 
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Mean N 
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Scenario 0 

Design	
   Mean	
  
Fails	
  

Adapt	
   100	
  

Fixed	
   100	
  

1 

2 

3 

4 

1 2 3 4 
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Scenario 1 

Design	
   Mean	
  
Fails	
  

Adapt	
   61.6	
  
Fixed	
   79.9	
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Scenario 2 

Design	
   Mean	
  
Fails	
  

Adapt	
   34.7	
  
Fixed	
   69.9	
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Scenario 4 

Design	
   Mean	
  
Fails	
  

Adapt	
   58.0	
  
Fixed	
   97.3	
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Scenario 5 

Design	
   Mean	
  
Fails	
  

Adapt	
   21.5	
  
Fixed	
   64.9	
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Scenario 6 

Design	
   Mean	
  
Fails	
  

Adapt	
   59.7	
  

Fixed	
   81.1	
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Scenario 7 

Design	
   Mean	
  
Fails	
  

Adapt	
   78.1	
  
Fixed	
   119.8	
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What	
  Happened	
  

•  Full	
  protocol	
  constructed,	
  complete	
  details,	
  no	
  
treatments	
  in	
  protocol	
  

•  Appendices	
  for	
  each	
  agent	
  
•  Changed	
  burn-­‐in	
  to	
  solo	
  agents	
  +	
  SOC	
  arm	
  
fixed	
  at	
  20%	
  (drop	
  when	
  inferior)	
  

•  Construc1on	
  of	
  this	
  powerful	
  pla*orm	
  trial	
  
stopped	
  the	
  disease!!!	
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Applica1on	
  to	
  Pandemic	
  

•  A	
  protocol	
  like	
  this	
  could	
  sit	
  on	
  the	
  shelf,	
  
ready	
  to	
  go	
  immediately	
  when	
  needed	
  

•  Heck	
  design	
  could	
  be	
  pre-­‐approved!	
  
•  PREPARE	
  

– EU	
  
– Canada	
  +	
  Australia/NZ	
  +	
  US	
  ???	
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PREPARE	
  
•  EU funded group charged with 

being prepared for a pandemic 
www.prepare-europe.eu 

•  Herman Goosens (Antwerp) is 
PI 

•  PREPARE CAP/FLU 
–  Trial + CE + Process for care 

+ readiness 

•  CAP: 2 or 3 
interventions from 3 
domains – 8 to 12 
regimens to start 
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