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Patient survival comparison was performed via forward constant and time-varying covariate effects provides a

simulations of survival function for up to 36 months in different Hazard ratio analysis comprehensive basis for the indirect comparison of time-to-
scenarios.
. The hazard ratio analysis for the final model suggested that event outcome measures.
« Current research extended the previous analysis introducing ICI monotherapy provided a higher risk of death comparing to . Finally, application of the methodology for the NSCLC
the updated NSCLC study data, applying covariate search Chemo at first 6 months, while IClI/Chemo combination immunotherapy shows noninferiority of PD-1 vs. PD-L1
techniques for model building, testing non-PH effects [4]. resolved this effect (Figure 3). efficacy in the tested simulation scenarios.
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