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INTRODUCTION RESULTS
One of the most promising technological developments in pharmacokinetics is the -  Two-comparmental PopPK model for Monoclonal Antibody extra-vascular administration [5].

Population PK parameter estimates for Monoclonal Antibody extra-vascular administration 10 mg 3 patients and 100 mg 3

use of Artificial Intelligence (Al) methods. Machine Learning (ML) methods offer the .
patients dose.

opportunity to implement innovative algorithms for quantifying individual or
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We have explored Python S minimize Optlmlzatlon methods in a prOOf_Of_Concept for a Cl, clearance for the central compartment; V¢, central volume; Cld, clearance for the periferical compartment; Vp, periferical

volume; MPE, mean prediction error, AFE, average-fold error; AAFE, absolute average-fold error.
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The process is based on three phases PhysPK® open up a large promising research umbrella to integrate success optimization
(Figure 1). Any PK/PD can be o pesuts [ omsn ) methods and algorithms widely used by Python in other areas inside pharmacokinetic
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manage and run models (Figure 2). Figure 1. PhysPK® phases of a population study.
Scipy.optimize.minimize optimize method provides functions for minimizing objective methods. For example, restrictions based on pharmacokinetics approaches and future FOCE,

functions. It includes solvers for nonlinear problems (with support for both local and: -Bayesian and SAEM analysis should be taken into account in compare with Python.

notoriously the tool. However, further research is needed to fully analyse the python integration
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