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Objective

* Implement FREM using Pumas, Monolix and nlmixr2 to compare
their results with those obtained from NONMEM.

* Develop standardized tools for data pre-processing and post-
processing of model results across software.

Background Results

FREM is an innovative approach for exploring covariate « FREM models were successfully estimated in NONMEM . Estimates of uncertainty varied more across software.
effects in mixed effect models [1]. It treats covariates as FOCE. SAEM). Pumas (FOCE). and Monolix (SAEM). but . _ .
observations and evaluates their impact through ﬁ\lmixr’Z result?s’ Were ncft Cons)i’ Jered reliable( h » Pumas and NONMEM had similar OFVs; Monolix
covariances between parameters and covariates, it ' showed higher OFVs.

mitigates issues arising from high correlations among * Pumas and Monolix produced point estimates close to . New PMXFrem functions were developed to standardize
covariates and is also robust to missing covariate data [2]. NONMEM, with absolute relative differences within 2% FREM inputs and outputs across software.

FREM has been widely used in NONMEM. Due to its nature, and 3%, respectively.

It requires pre-processing the data for estimation and post-

processing for model interpretation and diagnostics via Perl-
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