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Objectives: MyHealthAvatar (MHA) platform aims towards a collaborative digital
: | . - patent cloud £
partnership among patients and healthcare providers [1]. Nowadays, in silico CIInICIans visua lzat/on
clinical trials (ISCTs), population pharmacokinetics, pharmacogenomics and data | 3 otk
semantic, & diia"e

predictive models
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health records
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information communication technologies have provided several tools towards 05525500 ing
stratified and personalized medicine approaches [2-4]. In this work a | |
methodology of potential fitting of results generated through ISCTs with real 809117(3’{/’5; i shans
life patients through virtual profiles of MHA is presented. To this respect, we

use a simple example of discontinuation of warfarin administration during pre-
operative period for a 55 year’s old male patient with a MHA profile.
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Table 1. Virtual cohort through patients’ MHA profiles.
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Table 2. Example of data output for a virtual population from Simcyp® platform
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